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ABSTRACT

Today, the way we make decisions and communicate has been significantly influenced by the revolution of social media,
whose impact is how omnipresent. In India, the number of social media users has reached 1.46 million, accounting for
33.7% of the total population. This widespread adoption of social media has transformed the way people interact, but has
also become a powerful tool for disseminating information on various topics, including green investment. The aim of this
research is to analyse the relationship between Investor Attitude (1A), Subjective Norms (SN), and Perceived Behavioral
Control (PBC) towards Behavioral Intention towards Green Investment (BIGI) and the moderating role of Social Media
Influence on Green Investment (SMIGI) in the relationship between BIGI. A survey was conducted among 411 individual
investors with prior investment experience. This cross-sectional study adopted a quantitative research approach and
employed the convenience sampling technique. Using Jamovi version 2.6.44, we conducted sample adequacy and
reliability analyses, followed by Confirmatory Factor Analysis (CFA) to validate the model and Structural Equation
Modeling (SEM) to examine the relationships among IA, SN, PBC and BIGI. Additionally, the moderating role of SMIGI
was evaluated. The findings reveal significant associations between IA, SN, PBC and BIGI. Furthermore, the moderating
effect of SMIGI strengthens the relationships between IA, SN, PBC, and BIGI. These findings highlight the pivotal role of
digital platforms in shaping investor behavior. The discussion offers practical strategies for service providers, investment
advisors, and policymakers.

Keywords: Green Investment, Theory of Planned Behavior (TPB), Social Media Influence towards Green Investment,
Investor Behavior

Introduction

In the contemporary global landscape, digital transformation and environmental sustainability have emerged as critical
areas of interest. Rising concerns over climate change, resource efficiency, and green initiatives have increasingly attracted
investor attention, leading to a surge in supportive investment activities (Inderst, 2012). Many individuals and institutions
are showing growing interest in the paradigm shift toward sustainability in investments. Green investments align with the
increasing awareness and sense of responsibility toward fostering a sustainable environment (Singh Thapa & Kafle, 2025).
These kinds of investments are very important in achieving the United Nations Sustainable Developmental Goals (SDGs),
specifically SDG 13 (Climate Action) and SDG 7 (Affordable and Clean Energy).

Social media has evolved into a powerful tool for connecting people with similar interests from all corners of the world,
often referred to as netizens within the virtual environment. It facilitates knowledge sharing, as internet users contribute
fresh ideas and collaborate with like-minded individuals. Additionally, it plays a crucial role in disseminating information
across various online communities (Ballew et al., 2015; Sujata et al., 2019). Numerous organizations, industries, groups,
policymakers, and the general public are increasingly reliant on social media to access relevant information, both implicitly
and explicitly. Platforms such as Instagram, Facebook, WhatsApp, Twitter, and others have gained widespread popularity,
not only among the youth but also among older generations. This reflects the pervasive presence of technology in our daily
lives (Sharma et al., 2022).

Many studies have shown that behavioral and informational barriers - such as skepticism about financial returns, cognitive
dissonance, and lack of awareness - hinder effective investment decision-making (Aulia et al., 2024). Meanwhile, social
media has been shown to significantly influence attitudes, perceived social norms, and the dissemination of knowledge
across various areas of behavior (Smith et al., 2012). Green investments have been studied across various domains through
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surveys, shedding light on the perceptions of both organizations and individuals toward ‘green’ approaches (Doval &
Negulescu, 2014). The Theory of Planned Behavior (TPB), developed by Ajzen (1991), is one of the most widely used
models for predicting and explaining human behavior. It posits that attitudes, subjective norms, and perceived behavioral
control are the three key constructs that influence behavioral intention.

However, a gap remains in the literature regarding how social media moderates behavioral intention toward green
investment, particularly within the TPB framework. While social media is often considered an external influence or a
source of information in many behavioral models, few studies have examined its moderating role in relation to the core
TPB constructs-attitude, subjective norms, and perceived behavioral control.

By incorporating social media as a moderating variable, this study extends the TPB framework to reflect the realities of
the digital era. Social media has the potential to strengthen or weaken the influence of TPB components by offering peer
validation, access to informal resources, or emotionally engaging content-thereby reshaping the relationship between
intention predictors and actual investment behavior in the context of green investments.

This research addresses a critical gap in the literature and contributes to the fields of behavioral finance and environmental
psychology by integrating a communication and technology-based moderator- social media into the TPB framework.
Although TPB has been widely used to explain pro-environmental behavior, its application to green investment within the
scope of digital behavior remains underexplored.

The findings of this study may hold significant implications for investment platforms, fintech firms, corporate ESG
communicators, and policymakers. The study adopts a quantitative, cross-sectional research design, with primary data
collected via a structured questionnaire targeting individual investors. The TPB framework serves as the analytical
foundation, and Social Media Influence on Green Investment Intention (SMIGI) is tested as a moderating variable using
Confirmatory Factor Analysis (CFA) and Structural Equation Modeling (SEM).

Ultimately, the integration of the TPB model with social media usage bridges the gap between real-world digital influences
and green investment behavior. The subsequent chapters of this study will explore the literature review, research
methodology, and empirical findings that support this investigation.

Conceptual Framework and Literature Review

The growing importance of the green investments is showing a massive surge in institutional and academic investment
with these themes (Magalhdes, 2021). Green investments have emerged as a pivotal component of the sustainable finance
ecosystem, with increasing numbers of investors prioritizing environmental, social, and governance (ESG) criteria in their
decision-making also, which yield towards environmental benefits (Clark et al., 2014; Friede et al., 2015). According to
(Eyraud et al., 2011) green investment is defined as “the investment necessary to reduce greenhouse gas and air pollutant
emissions, without significantly reducing the production and consumption of non-energy goods. (Anderson & Robinson,
2022) says that households with green preferences often do not translate their values into green financial decisions. Green
investment encompasses investments in renewable energy, pollution control, carbon-efficient technologies, and sustainable
business practices (OECD, 2020). Green investments play a vital role in promoting sustainable business practices, fostering
environmental and social innovation, encouraging responsible investing, and influencing regulatory frameworks. Despite
increased awareness and outreach efforts, green investment remains relatively modest, primarily due to various behavioral
and informational barriers (Aulia et al., 2024; Wang & Fan, 2023).

The Theory of Planned Behavior (TPB)

In 1985 Icek Ajzen introduced the Theory of Planned Behavior (TPB), as an extension of the Theory of Reasoned Action
(TRA). On the assumptions of TRA, TPB has incorporated some more elements to better explain and forecast behavior of
humans. Attitude, subjective norms, and perceived behavioral control, are the main predictor of actual behavior. TPB is
implemented across different domains to examine the intention of the individual with their custom (Reio, 2010;
Wongsaichia et al., 2022; Yegin & Ikram, 2022). Initially when TPB was proposed, various studies applied and were
published the TPB as one of the big theory with in the terms of its several implications (Nugraha & Rahadi, 2021).
Attitudes, subjective norms, and perceived behavioral control do not always contribute equally to predicting intentions.
Sometimes, an individual’s intentions may be determined largely by attitudes, and subjective norms may have less or no
influence. Other times, an individual’s intentions may be determined largely by subjective norms, and attitudes may have
little or no influence(Kan & Fabrigar, 2017). Also, this theory has applied in various domains, such as e-entrepreneurial
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intention (Al Halbusi et al., 2023), environmentally responsible investment (Nilsson, 2008), environmental behavior
(Bamberg & Mdser, 2007) sustainable participation in new sports (Kim & Jeong, 2024) and in many other domains.

If a person holds a positive attitude toward a certain behavior, they are more likely to develop a strong intention to engage
in that behavior. An individual's attitude reflects their favorable or unfavorable evaluation of a specific action. Numerous
studies have found that pro-environmental values significantly influence attitudes toward green investment (Tran et al.,
2020). Green investment attitude has the significant impact on intention towards green investment (Singh Thapa & Kafle,
2025). Previous studies (East, 1993; Gopi & Ramayah, 2007; Hemdan & Zhang, 2024a; Ramayah et al., 2009; Sobaih &
Elshaer, 2023) have assessed that attitude towards behavior has a positive and significant influence on behavioral intention.
Attitude toward green investment has the strongest influence on green investment intention (Singh Thapa & Kafle, 2025).
Individual investors with a robust environmental concern, tend to perceive green investment as both economically and
morally viable (Eze & Ndubisi, 2013).

Subjective norms (SN) is defined as a social pressure felt by someone and potentially determine behavior in the form of
intention (Ajzen, 1991; Nugraha & Rahadi, 2021). Subjective norms are individual perceptions regarding the expected
behavior or the appropriate behavior by their social environment (Efendi et al., 2023). With respect to green investment,
these could get influenced by peers, family members, professional networking’s or leaders, who basically endorse
sustainable practices. Some studies shows that the subjective norms significantly affect investment decisions regarding
environment conscious, moreover, specifically among millennials and Gen Z (Dangelico & Vocalelli, 2017; Taufique &
Vaithianathan, 2018). Subjective norms, on the other hand, exerted a weak positive effect on investment intention (Akhtar
& Das, 2019). With respect to sustainable finance, influence from social endorsement and peer influence resulted as a
motivational factor for green financial behavior (Sadiq et al., 2021).

The confidence level and controlling the constraints is one’s investment capability, for instance it may be gap in knowledge,
access to any platforms or affordability represents perceived behavioral control. Investors will get likelihood of investing
in green investment when they have knowledge, getting access to good investment platforms, and the capacity to manage
the risk (Sadiq et al., 2021). Many studies (Ajzen, 1991; Gopi & Ramayah, 2007; Hemdan & Zhang, 2024; Ramayah &
Ignatius, 1998) constantly found that PBC has a significant positive impact on behavioral intention towards investment.
Sustainable oriented investment will get influenced by enhanced perceived behavioral control which also facilitates by
confidence (Gutsche et al., 2023).

Social Media Influence on Green Investment (SMIGI)

Digital technologies in recent times have helped a lot in marketing environment and allowed companies to expand their
brands across the world. Social media has simplified life by getting the high-level information sources (Alam et al., 2023).
Social media platforms like Youtube, Twitter, LinkedIn and Reddit provides on time data, opinions from the influencers
and crowd sentiment, which can enhance or restrain the behavioral intention (Garg et al., 2025; Naumer & Yurtoglu, 2022;
Nilasari & Fitriyah, 2024). (Dabas & Nagvanshi, 2024) analysed on Gen Z intention on investing in stock market exhibits
the role of attitude, perceived behavioral control, perceived usefulness and perceived ease of use as mediating factors in
between the use of social media and adoption intention. A study from (Hemdan & Zhang, 2024) shows that subjective
norms, perceived behavioral control and behavioral intention towards green investment were affected by the moderating
role of social media usage platform, but it does not support the relationship between investor attitude and behavioral
intention towards green investment. In this evolving world, the social media is playing a very important role in promoting
sustainability by spreading awareness, pro-environmental behavior, and enhancing eco-conscious communities (Siddiqui
etal., 2023; Vemuri et al., 2024). Due to limited research exists on the moderating role of social media with respect to TPB
(Ajzen, 1991), which is driven by behavior intention towards green investment, shows the clear research gap that the
present paper aims to address.

Research Questions
1. What is the influence of investor attitude, subjective norms and perceived behavioral control on behavioral
intention towards green investment?
2. How does the impact of social media on green investment moderate the relationship between investor attitude,
subjective norms, perceived behavioral control and behavioral intention towards green investment?
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Research Hypothesis

Based on the literature review, the authors have developed the following conceptual framework and formulated the study

hypotheses.

H1: Investor attitude has a significant positive influence on behavioral intention towards green investment.
H2: Subjective norms has a significant positive influence on behavioral intention towards green investment.

H3: Perceived behavioral control has a significant positive influence on behavioral intention towards green

investment.

H4: Social media influence on green investment moderates the relationship between investors attitude and behavioral
intention towards green investment.
H5: Social media influence on green investment moderates the relationship between subjective norms and behavioral
intention towards green investment.
H6: Social media influence on green investment moderates the relationship between perceived behavioral control and
behavioral intention towards green investment.

Figure 1: Conceptual framework for the study

Investor
Attitude H1
Subjective HZ \ Behavioral
Norms Intention towards
Green
. H3
Perceived Social Media
Behavioral Influence on
Sourcq Control hework created by authors Green

Constructs and the Statements
Table 1: Measurement variables

Green Investment

Construct Symbol Description
A1 | believe that choosing green investment is a good idea.
Investor Attitude IA 2 ;rt:i:rlg ;?;teenvironmental claims made by green investment
(Ma et al., 2019) - . -
A3 I am confident that green investments show reliable
performance.
SN 1 Individuals important to me believe that | should engage in
green investment.
Subjective Norms SN 2 My family members encourage me to participate in green
(Gopi & Ramayah, 2007) investment initiatives.
SN 3 People whose opinions | value would support my decision to
do green investment.
PBC1 I am confident enough to participate in green investment.
Perceived Behavioral Control PBC 2 I invest in green assets is mostly under my control.
(Amin et al., 2014) PBC 3 I have control over selecting the types of green investments
I wish to make
Behavioral Intention towards BIGI 1 I will conside_r _green investment options when making
Green Investment |n-vestment dEC.IS.I ons. - - -
(Ma et al., 2019) BIGI 2 | |nt.er-1d to parF|C|pat<.e |.n gre(_an mvestrnent in future.
BIGI 3 Definitely I will participate in green investment.
Social Media Influence on SMIGI 1 Sometimes | encounter information about green investment

on social media.
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(Sigala & Chalkiti, 2014) SMIGI 2 My interest on green investment got influenced from social
media
Discussions and recommendations on social media
SMIGI 3 | . . L
influenced my investment decisions.

Source(s): Authors’ own work

Methodology

After conducting an in-depth literature review, the authors have considered Investment Attitude (1A), Subjective Norms
(SN), Perceived Behavioral Control (PBC), Social Media Influence on Green Investment (SMIGI), and Behavioral
Intention towards Green Investment (BIGI) as the key factors for the study. The study investigates the role of behavioral
intentions towards green investment, with social media usage serving as a moderating variable, using the Theory of Planned
Behavior (TPB) approach. A cross-sectional study was conducted in Bangalore city, utilizing primary data collection. The
research design adopted for the study is descriptive in nature. A non-probability convenience sampling technique was
initially used to collect samples, followed by snowball sampling, wherein the authors requested their friends and
acquaintances to circulate the questionnaire. The target population comprises individuals who possess investment
knowledge and have an interest in the stock market, with having minimum one year of investment experience. The sample
size was determined using Cochran’s formula, calculated as follows:

_Z%p.(1-p)

0
e?

Where Z=1.96 (z-score corresponding to a 95% confidence level), p = 0.5 (assumed population proportion), and e = 0.05
(acceptable margin of error). As per the suggested formula calculation, the required sample size was approximately 384 to
achieve a 95% confidence level with a 5% margin of error. A total of 411 sample responses were used for the study. To
collect participant data, the authors utilized online questionnaires. A Likert scale was employed to evaluate responses
across the factors: Investment Attitude (1A), Subjective Norms (SN), Perceived Behavioral Control (PBC), Behavioral
Intention towards Green Investment (BIGI), and Social Media Influence on Green Investment (SMIGI). Data analysis was
conducted using Jamovi, which was used for both Confirmatory Factor Analysis (CFA) and Structural Equation Modeling
(SEM) to address the study's objectives. The motivation for choosing Jamovi lies in the fact that it is a free, standalone,
and open-source software. It offers the powerful analytical capabilities of the R-programming language while minimizing
the need for multiple files and reducing software-related expenses (Ahmed and Muhammad, 2021).

Research Results

Respondents demographic profile

The demographic profile of the respondents is categorized based on four key attributes: gender, age, education, and
occupation. The majority of the respondents are male, accounting for 54.3%. In terms of age distribution, the largest group
falls within the 25-34 age bracket, representing 36.1% of the sample, followed by respondents below the age of 25, who
constitute 32.1%. With regard to educational qualifications, there is a clear progression from lower to higher levels.
Graduates form the largest segment at 34.3%, followed by diploma holders at 29.4%. In terms of occupation, the majority
of respondents are working professionals with job experience, making up 59.9% of the sample. This is followed by self-
employed individuals, while freshers represent the smallest portion of the group.

Test of sample adequacy

To evaluate the suitability of the data for factor analysis, the Kaiser-Meyer-Olkin (KMO) Measure of Sampling Adequacy
and Bartlett’s Test of Sphericity were employed. A significant Bartlett’s test result (p < 0.05) indicates that the correlation
matrix is not an identity matrix, thereby confirming the appropriateness of factor analysis.

Table 2: Bartlett's Test of Sphericity
X df p
3452 105 <.001

Source(s): Authors’ own work, extracted from Jamovi software
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For the KMO measure, an individual Measure of Sampling Adequacy (MSA) value greater than 0.60 is considered
acceptable, while an overall KMO value exceeding 0.90 indicates an excellent fit for factor analysis (Kaiser, 1974).

In the current study, Bartlett’s Test of Sphericity (Table 2) yielded a chi-square (y?) value of 3452 with 105 degrees of
freedom (df) and a significance level of p < 0.001. This result indicates that the variables are sufficiently correlated,
justifying the use of factor analysis (Bartlett, 1950). Table 3 depicts that, the overall KMO value was found to be 0.942,
indicating excellent sampling adequacy. According to accepted standards, values above 0.90 are considered “marvelous,”
confirming the data's suitability for factor analysis (Hair et al., 2019). The individual KMO values for all the variables
ranged between 0.921 and 0.960, exceeding the acceptable threshold of 0.60. This confirms that each variable meets the
criteria for sampling adequacy. Thus, the results from both the tests confirms the data for factor analysis is well-suited.

Table 3: Kaiser-Meyer-Olkin Measure of Sampling Adequacy

MSA

Overall 0.942
1A01 0.937
1A02 0.96
1A03 0.952
SNO1 0.933
SNO2 0.931
SNO3 0.938
PBCO1 0.948
PBCO02 0.946
PBCO3 0.952
BIGIO1 0.94
BIGI102 0.945
BIGIO3 0.951
SMIGIO1 0.946
SMIGI02 0.921
SMIGI03 0.927

Source(s): Authors’ own work, extracted from Jamovi software

Reliability analysis

The main objective of a questionnaire in research is to obtain relevant information in the most reliable and valid manner
(Hamed Taherdoost & Lumpur, 2016). The estimation methods for Cronbach’s Alpha coefficient (o) and McDonald’s
Omega coefficient () assume that the data is complete and normally distributed (Bonniga et al., 2020).

In the current study, Cronbach’s Alpha (o) and McDonald’s Omega (o) statistics were employed to ensure the reliability
of the responses. Cronbach’s Alpha assesses the internal consistency of responses among items but does not determine
whether the instrument itself is inherently reliable. The results indicated acceptable levels of reliability. The overall
reliability, calculated using the appropriate formula, was found to be 0.91, suggesting a low overall error variance in the
model. The reliability measure ranges from 0 to 1, with values above 0.50 generally considered acceptable (Raines-Eudy,
2000).

Table 4 presents the assessed values of Cronbach’s Alpha and McDonald’s Omega, both of which indicate good reliability.
With the commonly accepted cutoff value of 0.70, the results suggest that the respective constructs consistently represent
the underlying scale.
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Table 4: Scale reliability statistics test

Dimensions Mean SD Cronbach’s a McDonald’s ®
1A 2.34 0.92 0.739 0.74
SN 2.43 1.07 0.843 0.844
PBC 2.45 1.01 0.836 0.836
SMIGI 2.56 0.96 0.732 0.744
BIGI 2.35 0.98 0.82 0.821

Note(s): SD = Standard Deviation
Source(s): Authors’ own work, extracted from Jamovi software

Confirmatory factor analysis (CFA)

Table 5 presents the factor loadings derived from the analysis of 15 items included in the study, based on responses from
a sample size of N = 411. Reliability testing was conducted and confirmed prior to proceeding with Confirmatory Factor
Analysis (CFA), which was performed using Jamovi software. CFA is used to assess both internal consistency and validity
indicators, ensuring that the measurement model is not only reliable but also valid (Ramirez et al., 2025). Factor loadings
that are > 0.50 in the factor matrix indicate a homogeneous correlation pattern among the items (Knekta et al., 2019). In
the current research study, factor loadings above > 0.50 indicate good validity, providing strong evidence of a robust
relationship between the latent constructs and their respective indicators.

To determine the validity of the model, goodness-of-fit indices were analyzed. Assessing model fit involves the use of
several key indicators, including the Goodness-of-Fit Index (GFI), Comparative Fit Index (CFI), Tucker-Lewis Index
(TLI), Root Mean Square Error of Approximation (RMSEA), Standardized Root Mean Square Residual (SRMR), and the
Chi-square test of independence (Sarkar et al., 2021).

Table 5: Factor Loadings

95% Confidence Interval

Factor Indicator Estimate SE Lower Upper Z p
1A IA01 0.712 0.053 0.607 0.816 134 <.001
1A02 0.81 0.054 0.704 0.915 15.1 <.001
IA03 0.844 0.053 0.74 0.947 16.0 <.001
SN SNO1 0.974 0.053 0.87 1.078 18.4 <.001
SNO2 0.99 0.054 0.885 1.096 18.3 <.001
SNO3 0.97 0.049 0.874 1.065 19.8 <.001
PBC PBCO1 0.922 0.049 0.826 1.018 18.8 <.001
PBC02 0.921 0.05 0.823 1.019 18.4 <.001
PBCO03 0.932 0.051 0.834 1.031 18.5 <.001
SMIGI SMIGI01 0.766 0.062 0.645 0.886 12.5 <.001
SMIGIO02 0.881 0.053 0.776 0.985 16.6 <.001
SMIGI03 0.842 0.053 0.738 0.946 15.9 <.001
BIGI BIGI01 0.904 0.051 0.803 1.004 17.6 <.001
BIGI02 0.912 0.048 0.819 1.006 19.2 <.001
BIGI03 0.855 0.049 0.758 0.951 17.4 <.001

Source(s): Authors’ own work, extracted from Jamovi software
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The GFI value is presented in Table 6, while the CFI, TLI, and RMSEA values are shown in Table 7. A value exceeding
0.95 for CFI, GFI, and TLI is considered acceptable and indicates a good model fit. For RMSEA and SRMR, values below
0.08 are generally regarded as acceptable, indicating a reasonable approximation of the model to the observed data (Hu &
Bentler, 1999; Schreiber et al., 2006).

Table 6: Goodness of fit
¥? goodness of fit

4 df p
243 80 <.001

Source(s): Authors’ own work, extracted from Jamovi software

The Chi-square test (y?) evaluates the model fit to the empirical data. In the current study, the ratio y*/df = 3.04, with ¥ =
243, df = 80, and a p-value < 0.001, indicating a good model fit. However, it is important to note that the Chi-square
statistic is highly sensitive to sample size, and even models with minor misfit can yield statistically significant p-values
(Hair et al., 2019).

Table 7: CFA model fit

RMSEA 90% CI
CFI TLI SRMR RMSEA Lower Upper
0.952 0.937 0.0332 0.07 0.06 0.08

Source(s): Authors’ own work, extracted from Jamovi software

A CFI value above 0.95 is considered excellent and suggests that the model fits the data very well (Hu & Bentler, 1999).
In the current study, the CFI value was recorded at 0.952, indicating a high degree of agreement between the model and
the observed data. Additionally, the TLI value was recorded at 0.937, which exceeds the commonly accepted threshold of
0.90, further confirming a good model fit. The TLI is used to assess how well the model fits the empirical data, taking
model complexity into account (Awang, 2014). The Standardized Root Mean Square Residual (SRMR) measures the
discrepancy between the observed and predicted correlations in the model. In this study, the SRMR value was recorded at
0.0332, which falls well below the threshold of 0.08, confirming the adequacy of the model fit. The Root Mean Square
Error of Approximation (RMSEA) assesses the degree to which the model approximates the population data. RMSEA
values below 0.05 indicate a good fit, while values below 0.08 are considered acceptable. In this study, the RMSEA value
was calculated to be 0.07, which is within the acceptable range and thus supports the model’s overall fit (Sadenova et al.,
2025). As shown in Table 7, the fit indices CFI = 0.952, TLI = 0.937, SRMR = 0.0332, and RMSEA = 0.07 confirm that
the model is stable and exhibits a good fit to the data.

Model fit and structural model

The study employed Structural Equation Modeling (SEM) to analyze the proposed relationships among the constructs:
Investment Attitude (IA), Subjective Norms (SN), Perceived Behavioral Control (PBC), and Behavioral Intention towards
Green Investment (BIGI). SEM is a powerful statistical technique that enables the analysis of relationships among multiple
observed and latent variables, capturing both direct and indirect effects. It is particularly useful in understanding the
influencing factors within complex models (Molenaar et al., 2000; Naji et al., 2024). The SEM analysis was conducted
using Jamovi software. The model fit results indicated that the overall model fit is good and acceptable, with x?/df = 3.312
(> = 159, df = 48, p < 0.001). Additionally, various fit indices confirmed the adequacy of the model, including CFI =
0.960, TLI = 0.945, RMSEA = 0.075, IFI = 0.960, NFI = 0.944, and SRMR = 0.029. While some values meet the
recommended thresholds and others slightly exceed them, the overall results justify the model's suitability for hypothesis
testing (Hair et al., 2019).

The structural model revealed statistically significant results for all the proposed hypotheses. Investment Attitude (1A) was
found to have a positive effect on Behavioral Intention towards Green Investment (BIGI) (B =0.271, p <0.001), indicating
a significant relationship and thus supporting H1. Subjective Norms (SN) also showed a significant positive influence on
behavioral intentions towards green investment (f = 0.468, p < 0.001), thereby supporting H2.

http://jier.org 5684



Journal of Informatics Education and Research
ISSN: 1526-4726
Vol 5 Issue 2 (2025)

Notably, Perceived Behavioral Control (PBC) demonstrated a significant effect on behavioral intentions towards green
investment (B = 0.408, p < 0.001), further reinforcing H3.

Tests of moderating effect

According to the study's fourth hypothesis (H4), both Investment Attitude (IA) (Z = 8.9, p < 0.001) and Social Media
Influence on Green Investment (SMIGI) (Z = 8.1, p < 0.001) significantly influence Behavioral Intentions towards Green
Investment (BIGI). The interaction term, |A x SMIGI (Z = 2.7, p = 0.006), also demonstrated a significant effect on BIGI,
thereby validating H4. The moderator (SMIGI), the independent variable (1A), and their interaction all showed positive
effects, indicating a strong and favorable influence on behavioral intentions.

Furthermore, a simple slope analysis was conducted to examine variations in the relationship between 1A and BIGI across
three levels of the moderator - low (mean — 1 SD), average (mean), and high (mean + 1 SD). The analysis revealed that
SMIGI significantly impacted behavioral intentions at all three levels: low (Z = 4.92, p < 0.001), average (Z = 8.85, p <
0.001), and high (Z = 11.73, p < 0.001). As illustrated in Figure 2, the results demonstrate that SMIGI enhances the impact
of 1A on BIGI from low to high supporting groups, confirming its moderating role.

Table 8: Moderating effects of social media influence on green investment

Moderating Estimates Estimate SE z p

Investment Attitude 0.3953 0.0445 8.9 <.001

Social Media Influence 0.3041 0.0375 8.1 <.001
H4 on Green Investment

Investment Attitude x 0.0278 0.0102 2.7 0.006

Social Media Influence on Green Investment

Subjective Norms 0.5453 0.0315 | 17.3 <.001
H5 Social Media Influence on Green Investment 0.2094 0.0312 6.7 <.001

Subjective Norms x 0.0238 0.0074 3.2 0.001

Social Media Influence on Green Investment

Perceived Behavioral Control 0.5759 0.036 16 <.001
HE Social Media Influence on Green Investment 0.152 0.0323 4.7 <.001

Perceived Behavioral Control x Social Media 0.0262 0.0084 3.1 0.002

Influence on Green Investment

Source(s): Authors’ own work, extracted from Jamovi software

SMIG
7 Average

S Low (-1SD)
~ High (+18D)

BIGI

)
h o<

A,

Figure 2: Simple slope plot illustrating the moderating effect of social media intention on green investment support in the
relationship between investor attitude and behavioral intention (H4).
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Furthermore, a simple slope analysis was conducted to examine variations in the relationship between IA and BIGI across
three levels of the moderator - low (mean — 1 SD), average (mean), and high (mean + 1 SD). The analysis revealed that
SMIGI significantly impacted behavioral intentions at all three levels: low (Z = 4.92, p < 0.001), average (Z = 8.85, p <
0.001), and high (Z =11.73, p < 0.001). As illustrated in Figure 2, the results demonstrate that SMIGI enhances the impact
of 1A on BIGI from low to high supporting groups, confirming its moderating role.

Similarly, for H5, Subjective Norms (SN) (Z = 17.3, p < 0.001) and Social Media Influence on Green Investment (SMIGI)
(Z = 6.7, p <0.001) were found to significantly influence Behavioral Intention towards Green Investment (BIGI). The
interaction term, SN x SMIGI (Z = 3.2, p = 0.001), also showed a significant effect on BIGI, thereby validating H5. The
moderator (SMIGI), the independent variable (SN), and their interaction all exhibited positive effects.

SnMIGI
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e Low (-1SD)

7 High (+1SD)

]
n
(=]
(=]
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o
(4]
(4]
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Figure 3: Simple slope plot illustrating the moderating effect of social media intention on green investment support in the
relationship between subjective norms and behavioral intention (H5).

As shown in the Figure 3, simple slope analysis further demonstrated that the effect of SN on BIGI was significantly
stronger at high levels of SMIGI (Z = 20.9, p < 0.001) compared to average (Z = 17.2, p <0.001) and low levels (Z = 10.5,
p < 0.001), reinforcing the enhancing role of SMIGI as a moderator.

As hypothesized in H6, Perceived Behavioral Control (PBC) (Z = 16.0, p < 0.001) and SMIGI (Z = 4.70, p < 0.001) also
significantly influenced BIGI. Their interaction term, PBC x SMIGI (Z = 3.1, p = 0.002), was statistically significant,
thereby validating H6. Figure 4 depicts A simple slope analysis revealed an increasing impact of PBC on BIGI across all
levels of SMIGI: low (Z = 9.44, p <0.001), average (Z = 15.92, p < 0.001), and high (Z = 20.65, p < 0.001). These findings
confirm that SMIGI strengthens the positive effect of PBC on behavioral intentions towards green investment.
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Figure 4: Simple slope plot illustrating the moderating effect of social media intention on green investment support in the
relationship between perceived behavioral control and behavioral intention (H6).
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Discussions and Conclusion

Based on the Theory of Planned Behavior, this study sheds light on the motivational factors that may influence Behavioral
Intention towards Green Investment (BIGI). With a sample size of 411 individual investors, the findings indicated that
investors’ personal attitudes significantly influence BIGI. This result aligns with previous studies, such as those by
(Aliedan et al., 2023; Hemdan & Zhang, 2024; Osman et al., 2019) which found that a positive investment attitude plays a
crucial role in shaping individuals' intentions toward sustainable financial behavior. Henceforth, it is reasonable to argue
that individual attitudes are essential factors in motivating investors to engage in green investments. The positive
relationship between SN and investors' BIGI was also confirmed, aligning with the findings of earlier research. This
suggests that social influence, such as encouragement from peers, family, or opinion leaders plays a significant role in
shaping sustainable investment behavior (Abdul Khalek et al., 2017; Hemdan & Zhang, 2024; Thanki et al., 2022). These
findings suggest that social aspects are highly influential for individual investors, particularly the opinions and behaviors
of their role models. In a collaborative city like Bangalore, the influence of family, friends, and peers plays a pivotal role
in shaping investment intentions.

Additionally, the association between PBC and BIGI also revealed positive and significant results. Therefore, H3 is
supported and aligns with prior studies such as (Hemdan & Zhang, 2024; Ratu Balgis Malzara et al., 2023), which
emphasize that when investors feel confident in their ability to invest through adequate knowledge, resources, or access
they are more likely to intend and engage in green investment behavior. The moderating role of SMIGI was confirmed
through interaction effects and simple slope analysis. The results demonstrated that the use of social media platforms
significantly enhanced the impact of IA, SN, and PBC on BIGI, thereby providing robust support for hypotheses H4, H5,
and H6.

These findings highlight the pivotal role of digital platforms in influencing investor behavior. Social media has increasingly
served as a source of inspiration by showcasing success stories and offering relatable models that individual investors and
budding entrepreneurs can emulate. Professional networks and peer communities on these platforms often act as informal
mentors or role models, positively shaping investment decisions. Therefore, social media platforms offer a valuable
opportunity for investment providers to improve their outreach and engagement by promoting new green investment
avenues that can enhance investors' behavioral intentions.

To the best of our knowledge, this study makes a meaningful theoretical contribution to the existing literature on intention-
based behavior and contemporary research in green investment. It advances the field by focusing specifically on individual
investors and empirically examining how their behavioral intentions toward green investment are influenced by the use of
social media, within the framework of the Theory of Planned Behavior (TPB).

The primary objective of this study was to deepen the understanding of what motivates investors to engage in green
investment, particularly within the context of an emerging region. The significance of the research lies in its empirical
evidence supporting TPB, reinforcing that attitudes, social norms, perceived behavioral control, and digital influence
collectively shape behavioral intention in sustainable financial decision-making (Ajzen, 1991). This study extends the
scope and advantages of the theoretical framework. The results supported the association between IA, SN, and PBC as
motivational variables and BIGI. Furthermore, the moderating effect of SMIGI strengthened the relationship between IA,
SN, PBC, and BIGI.

Limitations and Future Scope

The study results provide a compelling basis for stimulating investor interest in green investments. However, a key
limitation is that the data was collected only within the context of the Bangalore region. Therefore, the findings may not
be generalizable to other regions with different cultural and legal contexts. Additionally, the study focuses solely on
individual investors. Future research could extend the analysis to institutional investors. Beyond the TPB framework, other
theoretical models could be explored to enrich the conceptual foundation. Incorporating demographic variables as
moderators may also enhance the empirical strength of future studies. Lastly, further research may consider comparing
individuals' intentions and examining different influencing factors to gain deeper insights into green investment behavior.

Practical Implications

In light of this result, policymakers and marketers should develop education and training programs emphasizing the
necessity of green investment, as well as providing trusted green goods and activities that may boost green investment. So,
policymakers and marketers should depend on role models and successful individual investors to share their stories and
successful experiences about their investments. Besides implications for financial managers, various government bodies,
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prospective investors and other stakeholders, the study will provide impetus to companies for designing more sustainable
funds that can promulgate the values and beliefs of investors.

References

1.

10.

11.

12.

13.

14.

15.

16.

17.
18.

19.

http://jier.org

Abdul Khalek, A., Syed Ismail, S. H., & Mohamad Ibrahim, H. (2017). A study on the factors influencing young
muslims’ behavioral intention in consuming halal food in malaysia. Jurnal Syariah, 23(1), 79-102.
https://doi.org/10.22452/js.vol23nol1.4

Ajzen, 1. (1991). The theory of planned behavior. Organizational Behavior and Human Decision Processes, 50(2),
179-211. https://doi.org/10.1016/0749-5978(91)90020-T

Akhtar, F., & Das, N. (2019). Predictors of investment intention in Indian stock markets. International Journal of
Bank Marketing, 37(1), 97-119. https://doi.org/10.1108/1JBM-08-2017-0167

Al Halbusi, H., Soto-Acosta, P., & Popa, S. (2023). Analysing e-entrepreneurial intention from the theory of planned
behaviour: the role of social media use and perceived social support. International Entrepreneurship and
Management Journal, 19(4), 1611-1642. https://doi.org/10.1007/s11365-023-00866-1

Aliedan, M. M., Alyahya, M. A., Elshaer, I. A., & Sobaih, A. E. E. (2023). Who Is Going Green? Determinants of
Green  Investment Intention in  the Saudi Food Industry.  Agriculture, 13(5), 1047.
https://doi.org/10.3390/agriculture13051047

Aliyu Aminu Ahmed and Rukayya Aminu Muhammad. (2021). A Beginners Review of Jamovi Statistical Software
for Economic Research. Dutse International Journal of Social and Economic Research, 6(1), 109-118.
https://www.researchgate.net/publication/354077071

Amin, H., Abdul-Rahman, A.-R., & Abdul Razak, D. (2014). Theory of Islamic consumer behaviour. Journal of
Islamic Marketing, 5(2), 273-301. https://doi.org/10.1108/JIMA-06-2013-0042

Anderson, A., & Robinson, D. T. (2022). Financial Literacy in the Age of Green Investment. Review of Finance,
26(6), 1551-1584. https://doi.org/10.1093/rof/rfab031

Aulia, M., Afiff, A. Z., Hati, S. R. H., & Gayatri, G. (2024a). Consumers’ sustainable investing: A systematic
literature review and research agenda. Cleaner and Responsible Consumption, 14, 100215.
https://doi.org/10.1016/j.clrc.2024.100215

Ballew, M., Omoto, A., & Winter, P. (2015). Using Web 2.0 and Social Media Technologies to Foster
Proenvironmental Action. Sustainability, 7(8), 10620-10648. https://doi.org/10.3390/su70810620

Bamberg, S., & Moser, G. (2007). Twenty years after Hines, Hungerford, and Tomera: A new meta-analysis of
psycho-social determinants of pro-environmental behaviour. Journal of Environmental Psychology, 27(1), 14-25.
https://doi.org/10.1016/j.jenvp.2006.12.002

BARTLETT, M. S. (1950). TESTS OF SIGNIFICANCE IN FACTOR ANALYSIS. British Journal of Statistical
Psychology, 3(2), 77-85. https://doi.org/10.1111/j.2044-8317.1950.tb00285.x

Bonniga, R., Ravinder, E. B., & Saraswathi, A. B. (2020). Literature Review Of Cronbach alpha coefficient (A) And
Mcdonald’s Omega Coefficient (). European Journal of Molecular & Clinical Medicine, 7(6).
https://doi.org/10.13140/RG.2.2.35489.53603

Clark, G. L., Feiner, A., & Viehs, M. (2014). From the Stockholder to the Stakeholder: How Sustainability Can Drive
Financial Outperformance. SSRN Electronic Journal. https://doi.org/10.2139/ssrn.2508281

Dabas, S., & Nagvanshi, S. (2024). The role of social media in the adoption of stock investment applications among
Gen Z. In Revolutionizing Customer-Centric Banking Through ICT (pp. 199-220). IGI Global.
https://doi.org/10.4018/979-8-3693-2061-7.ch010

Dangelico, R. M., & Vocalelli, D. (2017). “Green Marketing”: An analysis of definitions, strategy steps, and tools
through a systematic review of the literature. Journal of Cleaner Production, 165, 1263-1279.
https://doi.org/10.1016/j.jclepro.2017.07.184

Doval, E., & Negulescu, O. (2014). A Model of Green Investments Approach. Procedia Economics and Finance, 15,
847-852. https://doi.org/10.1016/s2212-5671(14)00545-0

East, R. (1993). Investment decisions and the theory of planned behaviour. Journal of Economic Psychology, 14(2),
337-375. https://doi.org/10.1016/0167-4870(93)90006-7

Efendi, W., Raprayoga, R., & Indriyani, E. (2023). Penerbit: Management Department. Study of Scientific and
Behavioral Management, 4(4), 46-62. http://journal.uin-alauddin.ac.id/index.php/ssbm

5688



Journal of Informatics Education and Research
ISSN: 1526-4726
Vol 5 Issue 2 (2025)

20.

21.

22.

23.

24.

25.

26.

217.

28.

29.

30.
31.
32.
33.

34.

35.

36.

37.

38.

39.

http://jier.org

Eyraud, L., Wane, A., Zhang, C., & Clements, B. (2011). Who’s Going Green and Why? Trends and Determinants
of Green Investment IMF Working Paper Fiscal Affairs Department Who's Going Green and Why? Trends and
Determinants of Green Investment.

Eze, U. C., & Ndubisi, N. O. (2013). Green Buyer Behavior: Evidence from Asia Consumers. Journal of Asian and
African Studies, 48(4), 413-426. https://doi.org/10.1177/0021909613493602

Friede, G., Busch, T., & Bassen, A. (2015). ESG and financial performance: aggregated evidence from more than
2000 empirical  studies. Journal of Sustainable Finance & Investment, 5(4), 210-233.
https://doi.org/10.1080/20430795.2015.1118917

Garg, D., Tiwari, P., & Jain, V. K. (2025). Do social media sentiments affect investment decisions A moderated
mediation analysis of the relationship between social media sentiments, trust, and investment decisions. Global
Business and Economics Review, 32(1), 67-87. https://doi.org/10.1504/GBER.2025.143074

Gopi, M., & Ramayah, T. (2007a). Applicability of theory of planned behavior in predicting intention to trade online.
International Journal of Emerging Markets, 2(4), 348-360. https://doi.org/10.1108/17468800710824509

Gutsche, G., Wetzel, H., & Ziegler, A. (2023). Determinants of individual sustainable investment behavior - A framed
field experiment. Journal of Economic Behavior & Organization, 2009, 491-508.
https://doi.org/10.1016/j.jeb0.2023.03.016

Hair, J. F., Black, W. C., Babin, B. J., & Anderson, R. E. (2019). MULTIVARIATE DATA ANALYSIS EIGHTH
EDITION. Cengage Learning. www.cengage.com/highered

Hamed Taherdoost, A., & Lumpur, K. (2016). Validity and Reliability of the Research Instrument; How to Test the
Validation of a Questionnaire/Survey in a Research. In International Journal of Academic Research in Management
(IJARM) (Vol. 5, Issue 3). https://hal.science/hal-02546799v1

Hemdan, W., & Zhang, J. (2024a). Investors’ intention toward green investment: an extension of the theory of planned
behavior. International Journal of Emerging Markets. https://doi.org/10.1108/IJOEM-06-2023-0874

Hu, L., & Bentler, P. M. (1999). Cutoff criteria for fit indexes in covariance structure analysis: Conventional criteria
versus new alternatives. Structural Equation Modeling: A Multidisciplinary Journal, 6(1), 1-55.
https://doi.org/10.1080/10705519909540118

Inderst, G. , C. K. and F. S. (2012). “Defining and Measuring Green Investments: Implications for Institutional
Investors’’ Asset Allocations” .” https://doi.org/10.1787/5k9312twnn44-en

Kaiser, H. F. (1974). An Index of Factorial Simplicity. Psychometrika, 39(1), 31-36.
https://doi.org/10.1007/BF02291575

Kan, M. P. H., & Fabrigar, L. R. (2017). Theory of Planned Behavior. In Encyclopedia of Personality and Individual
Differences (pp. 1-8). Springer International Publishing. https://doi.org/10.1007/978-3-319-28099-8 1191-1

Kim, D., & Jeong, Y. (2024). Exploring Determinants of Sustained Participation in New Sports: The Impact of
YouTube Engagement and Educator Support. Behavioral Sciences, 14(10). https://doi.org/10.3390/bs14100914
Knekta, E., Runyon, C., & Eddy, S. (2019). One Size Doesn’t Fit All: Using Factor Analysis to Gather Validity
Evidence When Using Surveys in Your Research. CBE—Life Sciences Education, 18(1), rml.
https://doi.org/10.1187/cbe.18-04-0064

Ma, M., Ruhaini Muda, in, Syahirah Amin Husni Sharifah Faigah Syed Alwi Faridah Hassan Arshad Ayub Graduate
Business School, N., Teknologi MARA, U., & Alam Campus, S. (2019a). DETERMINANTS OF BEHAVIOURAL
INTENTION TOWARDS GREEN INVESTMENTS: THE PERSPECTIVES OF MUSLIMS *Ismah Osman
(Corresponding author). In International Journal of Islamic Business (Issue 1).

Magalhdes, N. (2021). The green investment paradigm: Another headlong rush. In Ecological Economics (Vol. 190).
Elsevier B.V. https://doi.org/10.1016/j.ecolecon.2021.107209

Molenaar, K., Washington, S., & Diekmann, J. (2000). Structural Equation Model of Construction Contract Dispute
Potential. Journal of Construction Engineering and Management, 126(4), 268-2717.
https://doi.org/10.1061/(ASCE)0733-9364(2000)126:4(268)

Naji, K. K., Gunduz, M., & Al-Henzab, F. (2024). Evaluating the Digital Transformation Potential in Pre-
Construction for Sustainable Practices Using Structural Equation Modeling. Sustainability, 16(17), 7323.
https://doi.org/10.3390/su16177323

Naumer, H.-J., & Yurtoglu, B. (2022). It is not only what you say, but how you say it: ESG, corporate news, and the
impact on CDS spreads. Global Finance Journal, 52, 100571. https://doi.org/10.1016/j.gfj.2020.100571

5689



Journal of Informatics Education and Research
ISSN: 1526-4726
Vol 5 Issue 2 (2025)

40.

41.

42,

43.

44,

45,

46.

47.

48.

49,

50.

51.

52.

53.

54.

55.

56.

57.

http://jier.org

Nilasari, P. D., & Fitriyah, F. (2024). Determinants of Generation Z Green Investment Interest: The Role of Social
Media Platforms as Moderating Variables. Indonesian Journal of Social and Environmental Issues (1JSEI), 5(3),
306-317. https://doi.org/10.47540/ijsei.v5i3.1736

Nilsson, J. (2008). Investment with a Conscience: Examining the Impact of Pro-Social Attitudes and Perceived
Financial Performance on Socially Responsible Investment Behavior. Journal of Business Ethics, 83(2), 307-325.
https://doi.org/10.1007/s10551-007-9621-z

Nugraha, B. A., & Rahadi, R. A. (2021). Analysis of Young Generations toward Stock Investment Intention: A
Preliminary Study in an Emerging Market. Journal of Accounting and Investment, 22(1), 80-103.
https://doi.org/10.18196/jai.v22i1.9606

Osman, 1., Maa€™in, M., Muda, R., Amin Husni, N. S., Syed Alwi, S. F., & Hassan, F. (2019). DETERMINANTS
OF BEHAVIOURAL INTENTION TOWARDS GREEN INVESTMENTS: THE PERSPECTIVES OF MUSLIMS.
International Journal of Islamic Business, 4(1), 16-38. https://doi.org/10.32890/ijib2019.4.1.2

Raines-Eudy, R. (2000). Using structural equation modeling to test for differential reliability and validity: An
empirical demonstration. Structural Equation Modeling, 7(2), 124-141.
https://doi.org/10.1207/S15328007SEM0701_07

Ramayah, T., & Ignatius, J. (1998). Impact of Perceived usefulness, Perceived ease of use and Perceived Enjoyment
on Intention to shop online. www.nua.ie/

Ramayah, T., Mohd Yusoff, Y., Jamaludin, N., & Ibrahim, A. (2009). Applying the Theory of Planned Behavior
(TPB) to Predict Internet Tax Filing Intentions. In International Journal of Management (Vol. 26, Issue 2).
http://www.msctrustgate.com/

Ramirez, A., Burgos-Benavides, L., Sinchi, H., Quito-Calle, J. V., Herrero Diez, F., & Rodriguez-Diaz, F. J. (2025).
Adaptation and Validation of Psychological Assessment Questionnaires Using Confirmatory Factor Analysis: A
Tutorial for Planning and Reporting Analysis. https://doi.org/10.20944/preprints202502.1192.v1

Ratu Balqis Malzara, V., Widyastuti, U., & Dharmawan Buchdadi, A. (2023). ANALYSIS OF GEN Z’S GREEN
INVESTMENT INTENTION: THE APPLICATION OF THEORY OF PLANNED BEHAVIOR. Jurnal Dinamika
Manajemen Dan Bisnis, 6(2). http://journal.unj.ac.id/unj/index.php/jdmb

Reio, T. G. (2010). The Threat of Common Method Variance Bias to Theory Building. Human Resource Development
Review, 9(4), 405-411. https://doi.org/10.1177/1534484310380331

S, S., Paul, J., Strong, C., & Pius, J. (2020). Consumer response towards social media advertising: Effect of media
interactivity, its conditions and the underlying mechanism. International Journal of Information Management, 54,
102155. https://doi.org/10.1016/j.ijinfomgt.2020.102155

Sadig, M., Adil, M., & Paul, J. (2021). Does social influence turn pessimistic consumers green? Business Strategy
and the Environment, 30(7), 2937-2950. https://doi.org/10.1002/bse.2780

Sarkar, A., Azim, J. A., Asif, A. Al, Qian, L., & Peau, A. K. (2021). Structural equation modeling for indicators of
sustainable agriculture: Prospective of a developing country’s agriculture. Land Use Policy, 109, 105638.
https://doi.org/10.1016/j.landusepol.2021.105638

Schreiber, J. B., Nora, A., Stage, F. K., Barlow, E. A., & King, J. (2006). Reporting Structural Equation Modeling
and Confirmatory Factor Analysis Results: A Review. The Journal of Educational Research, 99(6), 323-338.
https://doi.org/10.3200/JOER.99.6.323-338

Sharma, M., Banerjee, S., & Paul, J. (2022). Role of social media on mobile banking adoption among consumers.
Technological Forecasting and Social Change, 180. https://doi.org/10.1016/j.techfore.2022.121720

Siddiqui, A., Momineen, F. U., Amin, S., & Khan, S. (2023). The Role of Social Media Campaigns in Raising
Awareness about Smog (Climate Change) and Encouraging Sustainable Behaviors. Qlantic Journal of Social
Sciences, 4(4), 60—73. https://doi.org/10.55737/qjss.610701686

Sigala, M., & Chalkiti, K. (2014). Investigating the exploitation of web 2.0 for knowledge management in the Greek
tourism industry: An utilisation—importance analysis. Computers in Human Behavior, 30, 800-812.
https://doi.org/10.1016/j.chb.2013.05.032

Singh Thapa, B., & Kafle, B. (2025). The Green Investment Intentions of Gen Z: The Moderating Role of Financial
Knowledge in the Theory of Planned Behavior Article History. In Kshitiz Management Review (Vol. 1, Issue 1).
https://orcid.org/0000-0002-9435-2490

5690



Journal of Informatics Education and Research
ISSN: 1526-4726
Vol 5 Issue 2 (2025)

58.

59.

60.

61.

62.

63.

64.

65.

66.

67.

http://jier.org

Smith, A. N., Fischer, E., & Yongjian, C. (2012). How Does Brand-related User-generated Content Differ across
YouTube, Facebook, and  Twitter? Journal of Interactive  Marketing, 26(2), 102-113.
https://doi.org/10.1016/j.intmar.2012.01.002

Sobaih, A. E. E., & Elshaer, I. A. (2023). Risk-Taking, Financial Knowledge, and Risky Investment Intention:
Expanding Theory of Planned Behavior Using a Moderating-Mediating Model. Mathematics, 11(2).
https://doi.org/10.3390/math11020453

Sujata, M., Khor, K. S., Ramayah, T., & Teoh, A. P. (2019). The role of social media on recycling behaviour.
Sustainable Production and Consumption, 20, 365-374. https://doi.org/10.1016/j.spc.2019.08.005

Taufique, K. Md. R., & Vaithianathan, S. (2018). A fresh look at understanding Green consumer behavior among
young urban Indian consumers through the lens of Theory of Planned Behavior. Journal of Cleaner Production, 183,
46-55. https://doi.org/10.1016/j.jclepro.2018.02.097

Thanki, H., Shah, S., Rathod, H. S., Oza, A. D., & Burduhos-Nergis, D. D. (2022). | Am Ready to Invest in Socially
Responsible Investments (SRI) Options Only If the Returns Are Not Compromised: Individual Investors’ Intentions
toward SRI. Sustainability, 14(18), 11377. https://doi.org/10.3390/su141811377

Tran, T. T. T., Do, H. N., Vu, T. H., & Do, N. N. M. (2020). The factors affecting green investment for sustainable
development. Decision Science Letters, 9(3), 365-386. https://doi.org/10.5267/j.dsl.2020.4.002

Vemuri, S., P, J., Manasa, L., & D. R, P. (2024). The Effectiveness of Influencer Marketing in Promoting Sustainable
Lifestyles and Consumer Behaviours. Journal of Business Strategy Finance and Management, 05(02), 95-114.
https://doi.org/10.12944/IJBSFM.05.02.05

Wang, Q., & Fan, Z. (2023). Green finance and investment behavior of renewable energy enterprises: A case study
of China. International Review of Financial Analysis, 87, 102564. https://doi.org/10.1016/j.irfa.2023.102564
Wongsaichia, S., Naruetharadhol, P., Schrank, J., Phoomsom, P., Sirisoonthonkul, K., Paiyasen, V., Srichaingwang,
S., & Ketkaew, C. (2022). Influences of Green Eating Behaviors Underlying the Extended Theory of Planned
Behavior: A Study of Market Segmentation and Purchase Intention. Sustainability, 14(13), 8050.
https://doi.org/10.3390/su14138050

Yegin, T., & lkram, M. (2022). Analysis of Consumers’ Electric Vehicle Purchase Intentions: An Expansion of the
Theory of Planned Behavior. Sustainability, 14(19), 12091. https://doi.org/10.3390/su141912091

5691



