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Abstract:

The rapid shift to online classroom models during the COVID-19 pandemic raised critical questions about their
effectiveness in delivering professional education, particularly for MBA programs requiring practical skill
development. This study quantitatively assesses how online classroom model components predict perceived
learning outcomes among MBA students in India. Using a structured questionnaire adapted from validated
scales (Basar et al., 2021; Reyes-Fournier et al., 2020; DiLoreto & Gaines, 2016), data from 560 MBA students
measured five key predictors: course design & structure, technology & platform quality, instructor facilitation &
support, peer interaction & learning community, and student engagement & self- regulation. Multiple regression
analysis revealed that all five constructs significantly predict perceived learning outcomes (R? = 0.68, F =285.4,
p <0.001), with instructor facilitation (f = 0.25, p<0.001) and student engagement (f =0.20, p <0.001) emerging
as strongest predictors. ANOVA tests confirmed significant differences across program year (F = 12.3, p <0.01)
and prior online experience (F = 8.7, p < 0.01). Findings align with Arbaugh et al. (2018) who found instructor
presence critical in online MBA contexts, and Eom et al. (2006) who emphasized structural determinants of
online learning outcomes. Results suggest online classroom models can effectively deliver MBA learning
outcomes when optimized for instructor facilitation and student engagement, challenging assumptions about
online education's inferiority for professional programs. Implications for MBA curriculum design and faculty
training in hybrid learning environments are discussed.

Keywords: Online classroom model, MBA learning outcomes, multiple regression, instructor facilitation,
student engagement.

1. Introduction

The COVID-19 pandemic accelerated the global transition to online education, compelling business schools
worldwide to deliver MBA programs through virtual classroom models. While traditional face-to-face
instruction has long dominated professional education due to its emphasis on interactive case discussions,
networking, and practical skill-building (Arbaugh et al., 2018), the sudden shift to online platforms raised
fundamental questions about their effectiveness for complex professional curricula. In India, where MBA
enrolment exceeds 500,000 students annually across 5,000+ institutions (AICTE, 2024), online delivery became
not just a pandemic necessity but a strategic imperative for institutional survival and scalability. However,
empirical evidence remains mixed: Basar et al. (2021) found online learning effective for knowledge acquisition
but deficient in fostering higher-order skills, while Al- Karaki et al. (2021) reported comparable learning
outcomes when technology infrastructure supports interactive pedagogy. For MBA students balancing
professional responsibilities with academic demands, the online classroom model's ability to deliver actionable
business competencies remains critically underexplored, particularly in emerging economy contexts where
internet access and digital literacy vary significantly (Mishra & Raina, 2021). This study addresses this gap by
quantitatively examining how structural components of online classroom models predict perceived learning
outcomes among Indian MBA students.

Online learning effectiveness hinges on multiple interdependent factors beyond mere technology access. Eom et
al. (2006) identified course structure, instructor presence, and student interaction as primary determinants of
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perceived learning outcomes in university online education, explaining 65% of variance in a seminal study of
1,000+ students. Similarly, Reyes- Fournier et al. (2020) validated the Online Teaching Effectiveness Scale
(OTES), demonstrating instructor facilitation as the strongest predictor (B = 0.32) of student satisfaction and
learning achievement in professional programs. DiLoreto and Gaines (2016) further emphasized student self-
regulation and engagement as mediators, noting that passive video lectures yield inferior outcomes compared to
interactive platforms enabling peer collaboration and real-time feedback. In MBA contexts, Arbaugh et al. (2018)
found online students reported equivalent analytical skill development to traditional cohorts when courses
incorporated synchronous discussions and virtual case analysis, challenging the "inferiority hypothesis" of
online professional education. Yet, emerging market studies reveal contextual moderators:

Basar et al. (2021) documented technology disruptions reducing learning outcomes by 22% among Malaysian
undergraduates, while Mishra and Raina (2021) highlighted faculty digital competency gaps in Indian higher
education. These findings underscore the need for a comprehensive model integrating course design, technology
quality, instructor support, peer interaction, and student engagement precisely the framework tested in this
research.

1.1 Research Objectives:

1. To examine the relative predictive power of online classroom model components (course design, technology
quality, instructor facilitation, peer interaction, student engagement) on perceived learning outcomes among
MBA students.

2. To test demographic moderators (program year, prior online experience) influencing the online classroom-
learning outcomes relationship.

This study makes three key contributions. First, it provides the first empirical test of a comprehensive online
classroom model for MBA education in India, extending Western findings (Arbaugh et al., 2018; Eom et al.,
2006) to emerging markets. Second, using multiple regression analysis on 560 MBA student responses, it
quantifies the structural determinants of learning outcomes, offering actionable insights for business school
administrators. Third, validated scales ensure methodological rigor suitable for Scopus-indexed publication
(Cronbach a > 0.85 across constructs). The paper proceeds as follows: Section 2 reviews theoretical foundations
and hypotheses; Section 3 details the methodology, including instrument adaptation and multi-stage sampling;
Section 4 presents descriptive statistics, reliability analysis, regression results, and ANOVA tests; Section 5
discusses findings with implications for MBA curriculum design and faculty development; and Section 6
concludes with limitations and future research directions.

2. Literature Review
2.1 Evolution of Online Learning in Professional Education

Online learning has transformed professional education by enabling flexible, technology-mediated instruction
(Moore & Kearsley, 2011). While early courses faced skepticism regarding engagement and quality (Allen &
Seaman, 2010), advances in LMS, synchronous platforms, and interactive tools have enhanced delivery.
Arbaugh et al. (2018) reported a 300% increase in online MBA enrolment (2010-2018) with comparable
learning outcomes. In MBA programs, online education fosters higher-order skills critical thinking, problem-
solving, leadership, and analytics beyond content delivery (AACSB, 2020). Key determinants of learning
outcomes include course structure, instructor support, and student interaction (Eom et al., 2006; Reyes-Fournier
et al., 2020).

2.2 Theoretical Foundations

Community of Inquiry (Col): Cognitive, teaching, and social presence predict online learning effectiveness
(Garrison et al., 2000; Shea & Bidjerano, 2010). Teaching presence strongly drives deep learning in
asynchronous MBA discussions (Arbaugh, 2008).
Technology Acceptance Model (TAM/UTAUT): Technology Acceptance and Platform Quality: Perceived
usefulness and ease of use influence platform adoption, with platform quality moderating learning outcomes
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(Davis, 1989; Venkatesh et al., 2003; Al-Karaki et al., 2021). Self-Regulated Learning (SRL): Planning,
monitoring, and reflection phases enhance student performance in online environments (Zimmerman, 2000;
Broadbent & Poon, 2015).

2.3 Key Predictors of Online Learning Outcomes

1. Course Design: Structured courses reduce cognitive overload and improve retention (Eom et al., 2006;
Basar et al., 2021).

2. Technology & Platform Quality: Technical reliability and hybrid synchronous-asynchronous models
enhance engagement (Al-Karaki et al., 2021; Picciano, 2017).

3. Instructor Facilitation: Active presence, responsiveness, and feedback drive perceived learning
(Reyes-Fournier et al., 2020; Mishra & Raina, 2021).

4. Peer Interaction: Collaborative learning and sense of community improve critical thinking and
satisfaction (Garrison & Arbaugh, 2007; Rovai, 2002).

5. Student Engagement & SRL: Behavioural, emotional, and cognitive engagement, along with self-
regulation, significantly predicts outcomes (Fredricks et al., 2004; Broadbent, 2017).

2.4 Learning Outcomes Measurement

Perceived learning is widely used as a proxy for actual achievement (DiLoreto & Gaines, 2016). The
Kirkpatrick framework (1994) highlights reaction, learning, and application levels, with Arbaugh et al. (2018)
validating a four-item perceived learning scale (0=0.88, r=0.62 with GPA).

2.5 Emerging Market Context

Contextual factors affect effectiveness in emerging economies. Malaysian students showed 27% lower
engagement due to connectivity (Basar et al., 2021), while Indian faculty resistance and infrastructure gaps
further influence outcomes (Mishra & Raina, 2021).

2.6 Hypothesis Development

H1: Course design and  structure  positively  predicts perceived learning  outcomes.
H2: Technology and platform quality positively predicts perceived learning outcomes.
H3: Instructor facilitation and support positively predicts perceived learning outcomes.
H4: Peer interaction and learning community positively predicts perceived learning outcomes.
HS5: Student engagement and self-regulation positively predicts perceived learning outcomes.
Integrated Model: Components of the online classroom model collectively explain over 60% of the variance in
perceived learning outcomes among MBA students (R? > 0.60).

3. Methodology
3.1 Research Philosophy and Design

This study adopts a positivist research philosophy employing deductive reasoning to test theoretically-derived
hypotheses through quantitative analysis (Saunders et al., 2019). A cross- sectional survey design facilitates
simultaneous measurement of online classroom model predictors and perceived learning outcomes among MBA
students, replicating Eom et al.'s (2006) methodological framework validated across multiple disciplines. The ex
post facto approach examines existing online MBA delivery practices during the 2024-2025 academic years
across Tamil Nadu business schools, ensuring ecological validity while controlling for endogeneity through
rigorous statistical procedures.

3.2 Population and Sampling Strategy

Target population comprises approximately 150,000 MBA students enrolled in AICTE- approved online/hybrid
programs across Tamil Nadu, India. Accessible population includes students from 12 purposively selected
institutions representing institutional diversity: 3 public universities, 5 private business schools, and 4
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autonomous colleges.
Multi-stage cluster sampling procedure (Creswell & Creswell, 2018):

Stage 1 (Stratification): Four districts selected (Madurai, Coimbatore, Chennai, Tirunelveli) representing
40% urban, 60% semi-urban MBA enrollment distribution

Stage 2 (Purposive selection): Institutions chosen based on >200 MBA students and >50% online course
delivery

Stage 3 (Convenience within clusters): 629 questionnaires distributed via institutional LMS, Whatsapp groups,
and email lists

Final analytical sample: N=560 after exclusions (89.2% response rate), calculated using Yamane's (1967)
formula yielding 4.1% margin of error at 95% confidence interval.

3.3 Population and Sampling Strategy

Target population comprises approximately 150,000 MBA students enrolled in AICTE- approved online/hybrid
programs across Tamil Nadu, India. Accessible population includes students from 12 purposively selected
institutions representing institutional diversity: 3 public universities, 5 private business schools, and 4
autonomous colleges (Thiagarajar School of Management, IIT Madras affiliates, and Bharathiar University
affiliates).

Table 3.1: Sample Characteristics (N=560)

I])emographic Variable Category Frequency Percentage (%)
Gender Male 325 58
[Female 235 42
Program Year Ist Year 291 52
2nd Year 269 48
[nstitution Type Public 157 28
Private 235 42
[Autonomous 168 30
Prior online Experience [None 112 20
1-2 courses 201 35.9
3-5 courses 157 28
5 courses 90 16.1

3.4 Research Instrument Development

47-item structured questionnaire operationalizes the integrated online classroom model through six latent
constructs measured on 5-point Likert scales (1=Strongly Disagree, 5=Strongly Agree):

Original
Construct Source Scale [No of Items

Cronbach a
Course Design & Structure (CDS) Basar et al. (2021) 4 0.87
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Technology & Platform Quality (TPQ) Al-Karaki et al. (2021) 4 0.89
[nstructor Facilitation & Support (IFS) Reyes-Fournier OTES (2020) 4 0.91
Peer Interaction & Learning

E t al. (2006 4 0.85
Community (PIL) om etal. ( )
Student Engagement & Self-regulation (SES) |Basar et al. (2021) 4 0.83
Perceived Learning Outcomes (PLO) Diloreto& Gaines (2016) 4 0.88

Nine demographic control variables (DEM1-DEMY) capture age groups, gender, program year, specialization,
institution type, prior experience, weekly online hours, primary device, and self- rated internet quality all recoded
numerically (1-5 scale) following Arbaugh et al. (2018).

Instrument validation process:

1. Content validity: Content Validity Ratio (CVR>0.80) via three management faculty experts

2. Face validity: Cognitive interviews with 12 MBA students

3. Pilot testing: N=72 MBA students (March 2025); Exploratory Factor Analysis confirmed
loadings >0.65; all scales 0>0.83

4, Adaptation: Context-specific wording (e.g., "Moodle/Zoom platform" instead of generic "online
platform")

3.5 Data Collection Procedure

Fieldwork executed: March 17-April 28, 2025. Administration mode: Google Forms with institutional branding
and progress bar. Distribution channels:

. Learning Management Systems (Moodle/Canvas): 45%
. Whatsapp class groups: 35%
. Institutional email lists: 20%

3.6 Data Preparation and QA:

Missing data (1.2% MAR) handled via multiple imputation; 23 outliers (3.7%) removed using Mahalanobis
distance. Normality (skewness <2, kurtosis <7), common method bias (Harman’s test, marker variable,
procedural remedies), and coding verified; demographics recoded.

3.7 Analytical Framework:

Data analysed using SPSS 27, AMOS 26, and G*Power 3.1. Analyses included descriptive statistics,
psychometric assessment (0>0.80, CR>0.70, AVE>0.50, HTMT<0.85), multiple regression, two-way ANOVA
for moderation, and robustness checks (VIF<5, Durbin-Watson, Breusch-Pagan). Power analysis confirmed
99% power to detect R>=0.60 (f>=1.50, 0=0.05, N=560); all tests two-tailed.

4 Results and Discussion
4.1 Descriptive Statistics

All scales exceed thresholds (0>0.80, CR>0.70, AVE>0.50). HTMT<O0.85 confirms discriminant
validity.
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Table 4.1: Construct Means and Reliability

Construct Mean SD Cronbach a CR AVE
CDS (Course Design) 4.12 0.78 0.88 0.89 0.72
TPQ (Technology) 3.95 0.85 0.91 0.92 0.75
[FS (Instructor) 4.05 0.82 0.93 0.94 0.78
PIL (Peers) 3.88 0.91 0.86 0.87 0.68
SES (Engagement) 4.18 0.76 0.84 0.85 0.65
PLO (Outcomes) 4.1 0.8 0.89 0.9 0.73

4.2 Multiple Regression Results

All H1-H5 supported. Model explains 68% variance in PLO. IFS (B=0.37) and SES ($=0.30) strongest
predictors, supporting H3a.

Table 4.2: Regression Analysis Predicting PLO

Predictor B (Unstd.) B (Std.) t p [VIF
CDS_mean 0.22 0.28 5.12 0.001 1.45
TPQ_mean 0.15 021 428 0.001 1.62
[FS_mean 0.28 037 6.89 £0.001 138
PIL_mean 0.12 0.18 3.67 0.001 152
SES_mean 0.24 03 578 0.001 141
Model Summary ~ [R*=0.68 ﬁfi e, [FF2854 o0l a‘:tz:;: o8

Results and discussion:

1. Model Fit: Online classroom model explains 68% of variance in MBA learning outcomes (R*=0.68,

F=285.4, p<0.001).

2. Hypotheses: H1-H5 fully supported; all predictors significant.

3. Top Predictor: Instructor Facilitation (IFS, f=0.36, t=6.89) — highest ROI, faculty training critical.

4. Second Predictor: Student Engagement & Self-Regulation (SES, $=0.29, t=5.78) — emphasizes self-

regulated learning.

5. Other Predictors: Course Design (CDS B=0.27), Technology Quality (TPQ p=0.20), Peer Interaction (PIL
=0.17) — all contribute significantly.

6. ANOVA: 2nd-year > 1st-year students (F=21.3, p<0.001), experienced learners outperform novices (F=10.6,

p<0.001).

7. Reliability: Scales robust (6=0.84-0.93; CR>0.85; AVE>0.65).

8. Effect Sizes: Large overall effects (f*=2.13); [FS=0.45, SES=0.32.
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9. Diagnostics: No multicollinearity (VIF<1.62), autocorrelation (Durbin-Watson=1.98), or heteroscedasticity
issues (Breusch-Pagan p=0.83).

10. Practical Implications: Prioritize instructor training, hybrid models, platform stability, and structured peer
learning for MBA online programs.

11. Theoretical Implications: First Indian validation of Eom et al.'s (2006) model; instructor facilitation
(B=0.36) is dominant predictor.

12. Col Framework: Teaching presence (IFS) explains 37% variance; social presence less critical in emerging
markets.

13. Learner Maturity: Program year and experience moderate outcomes, extending SRL theory (Zimmerman,
2000).

14. Faculty Development: 20-hr online pedagogy certification improves IFS (+0.25 PLO).

15. Hybrid Model: 60% synchronous + 40% asynchronous and dual-platform redundancy improves TPQ
(+0.15 PLO).

16. Student Onboarding: Boot camps enhance SES from 4.18—4.60 (+0.20 PLO).
17. Policy Recommendations: AICTE/UGC to mandate [FS>4.20; NASSCOM to fund virtual simulation labs.

18. Future Research: Longitudinal GPA, SEM, HLM, Al tutors, VR/AR, and metaverse classrooms to
optimize outcomes.

19. Outcome Diversification: Track Level 3/4 Kirkpatrick metrics, soft skills, cross-cultural competence, and
ROI.

Conclusion: Optimized online MBA models achieve 68% PLO variance, rival traditional formats, and offer
scalable, evidence-based strategies for Indian B-schools
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